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Link prediction method based on multi relation path in knowledge map

Yuen Husbing'  Liv Min®  Yang Yanging'
1. Information Technology Deparimeni. Xi'sn Medical College. Xi'am 710621, Chinaa
2 Echool of Mathematics and Compater Science, Shoenxi Universny of Techmology . Haneheoog TES00L . China’y

Absiruet; In order o sabve the problem that the link prediction methed hased on single relational path cannot mine the
influence of dilferent paths in the knowledge map. 5 link prediction method based on multi relstionsl path is propesed,
Firatly. the similancy index based an path inflormation is weed o caleulave the similarity berween all relationsl patha,
Then, the relansnship projectson between dillerent paths i= extended 0 the new path projection amd path constraings .
and the training process is perlormed by using random gradient descent . =0 that the explicit [eatures betwesn dillerent
paths can be zcreened cui through low dimensienal represeniation leaming in implicic space. The velidetion analysis is
carried out on Enten email data ser and Manenal Natural Scvence Foundation dana set. Expecimental fesulis show thar.
compared with ather path link prediction algorithms, the maximum improvement of MAP and AUC is about 20% .
showing higher prediction accurney.,

Keywords: link prediction: knowledge mapping: multi relasional path: path mepping
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