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Robot visual face search and tracking method based on
reinforcement learning
Bian Kai Qiao Tiezhu Yang Yi

(Key Laboratory of Advanced Transducers and Intelligent Control System Ministry of Education, Taiyuan University of

Technology, Taiyuan 030024, China)

Zhang Haitao

Abstract; In the visual inspection of personnel, the human position presents highly dynamic characteristics. For the
situation that the robot can only capture the local information of the human body at close range leading to the
inefficiency of passive vision detection, we propose an active vision method based on deep reinforcement learning. This
method uses a deep convolutional network to extract image features and uses reinforcement learning strategies to train
an action decision network to control the pan-tilt camera. Experimental results show that the algorithm enables the
robot to turn the pan-tilt camera to achieve active face search based on the local information of the human body

appearing in the image, which breaks through the limitations of the traditional method of passive detection and

FALE Bl

improves the adaptability of the visual detection algorithm in robot applications.
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