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Transformer fault diagnosis based on MPC algorithm
optimized by bayesian network

Tong Zhaojing Qiao Zhengrui Li Jinxiang Il.an Mengyue Jing Lifei

(School of Eleetrical Engincering & Automation, Henan Polytechnic University, Jiaozuo 151003, China)

Abstract: In order to improve the accuracy and reliability of the transformer fault diagnosis, a fault diagnosis method of
transformer based on MPC algorithm optimized by Bayesian network was proposed, and the fault diagnosis technology
of transformer was studied. Firstly, according to the analysis of dissolved gas in oil, the 9-D fault features of oil-
immersed transformer were extracted by the non-coding ratio method, and the data samples were normalized.
Sccondly, a [ault diagnosis modcl bascd on Baycsian nctwork was cstablished with normalized training samples as
input, and the Baycsian network model was optimized with the MPC algorithm, Finally, the [ault diagnosis modcl was
tested with test samples. In order to prove the superiority of the proposcd method, the proposed mcthod was compared

with the existing [ault diagnosis mcthods. The result shows that the proposed method has higher diagnostic accuracy

and better diagnostic cllcet.
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