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Abstract: At this stage of industrial production line,

instruments,

many types of circuit board soldering can not be automated

In order to reduce the loss of manpower and material resources due to rework in factories for the

phenomenon of missing solder in manual soldering of SMD components, automatic detection of soldering of SMD
components by machine vision technology is proposed. Using the improved ResNet-FPN structure, the shallow feature
inlormation is [used with multi-scale channcls, thus incrcasing the richness ol [caturce information of tiny and occluded
targets, reducing the training paramecters, and spceding up the [orward speed ol network training. The number of
classification samples is balanced and the loss value is reduced by introducing the Focal loss (FL). The experimental

results show that the improved Cascade RCNN algorithm trains slightly [aster than the original modcl, with a small

increasc in recall and an average mean accuracy (mAP) of $0. 9%, which is 2. 2% higher than the original modcl, and

achicves better detection results.,
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