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Detection method of ceramic tile bulge based on adaptive wavelet transform
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Abstract: Defect detection on ceramic tile surface is an indispensable process during its production. To meet the needs
of automatic detection, this paper proposes an algorithm which is based on adaptive wavelet transform, to perform
delect bulge detection on ceramic tile surface with complex stereoscopic texture interference. Firstly, the red channel
image of the ceramic tile is extracted and preprocessed by Gaussian filtering to suppress noise. Secondly, adaptive
wavelet transform and linear median filtering are used to enhance the contrast between the bulge and the background
area. Finally, the methods of binarization and morphology are applied to obtain the information of the bulge area. It is

noted that the algorithm can detect the bulging defects of ceramic tiles of complex three-dimensional texture, with an
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accuracy ol up to 98. 5% and recall rate over 95%.

Keywords: ceramic tile; machine vision;bulge detection; wavelet transform;feature extraction
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