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Abstract: In order to improve the estimation accuracy of lithium battery state of health, a lithium battery SOH
estimation method based on IGW(-SVR is proposed. Firstly, aiming at the problem ol kernel parameter selection ol
support vector regression (SVR), the improved gray wolf (IGWQO) algorithm is used to optimize the kernel parameters
of support vector regression (SVR). The SVR estimation model realizes the estimation of the SOH of lithium
batteries. Based on the NASA battery dataset, the model is trained and validated and compared with the SVR and

GWO-SVR methods. The results show that the IGWO-SVR method can effectively improve the accuracy and stability

HA6E BT

ol SOH estimation, and the maximum estimation error does not exceed 2%.
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