GRS G S

ELECTRONIC MEASUREMENT TECHNOLOGY 2023 4F 12 A

DOI:10. 19651/j. cnki. emt. 2313853

ETRIFFIESEEGSEMEN T BRI

i £ £ % @& AERE HEL’
(1. KRB RA SR E IR Fdg 250013; 2. MiEXFEEAFS TEF®E F 4 213000)

B OE: hxt B AT T ST IR AR TR G A R A0 T B B BEAE A A TR) R DR AR SR — 3 R PR 4R AE
(S BB A W T BRIy k. 8 TR R AR E S AMIRIFIE, 2 VB EF R S MIRIFITE LR LT
B AT H A RU O 4 AR AL L S B R A0 D R R AE R R B AR R RS . R IRIE R AR AR SCE N, TR IR ER LA
T S 2 PR B A . e AR AR b AR SR R U RIEE RS B B Precision, max-F FIARBI HEH S-measure =4~ 5845 b
FIRLBE LS R At L B E ik B T RARLE B, e /0 R T AR CE W B O/ T4 H G vE g, B W ER T4 B in i
AR .

KR RIBKAE; B ARSI 3R 15 B U0 M 4 5 R IR A

RESES: TP2  XEARIRE: A ERFEZNSEKE.: 510. 4050

Workpiece target detection based on fusion of polarization
features and intensity information

Zhang Zhiliang®

(1. Shandong Water Conservancy Survey and Design Institute, Jinan 250013, China;

Yang Changhu'  Yuan Dong' Zhang Jian® Yu Yangyang'

2. College of Information Science and Engineering, Hohai University, Changzhou 213000, China)

Abstract: In response to the current problems of dimensional measurement of workpieces at the stage of accurate
extraction of key measurement points of the workpieces, this paper proposes a workpiece target detection method based
on the [usion of polarization [eatures and intensity inlormation. The polarization [eatures are introduced on the basis of
the workpiece intensity image, and a dual-stream network model with differentiated and efficient interaction between
intensity information and polarization features is established to achieve a more efficient fusion of polarization features
and intensity information. To validate the algorithm’s effectiveness, we have established a dataset for detecting the
saliency of workpiece targets in polarization images. On this dataset, the proposed algorithm outperforms comparison

algorithms in terms ol Precision, max-F, S-measure, and visual results, underscoring its exceptional per[ormance in
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workpiece target detection and its outstanding results in workpiece target detection.
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