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Classification of knee osteoarthritis by SVM based on
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Abstract: Osteoarthritis is the most common joint disease in middle-aged and elderly people. The disease and its

complications account for 10 per cent of global medical problems. Among them, osteoarthritis of the knee is the most

serious and the risk of disability is very high. Early detection and interventional treatment is of great significance to

relieve the symptoms and reduce the harm. Firstly, a large number of knee joint DR image data were collected.

Various texture features and fusion features were extracted from the obtained data.

Then, various combinations of

extracted feature vectors were used as input to the training support vector machine model. We use the grid search

method to optimize the parameters. The highest accuracy of the trained model on the test set can reach 84. 29% ., which

has good intelligent classification and diagnosis performance. Using the trained SVM model can effectively grade knee

osteoarthritis and assist doctors in diagnosis, which is of great significance for early diagnosis and early intervention

treatment of knee osteoarthritis,
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1
¢ g /%
0G 1. 4142 0.007 8 62 857(88/140)
LG 1024 0. 007 8 72 857(102/140)
oT 1 0. 062 5 75(105/140)
LT 1024 0.0039 78 571(110/140)
OG+LG 1024 0.0039 70 714(99/140)
OG+O0T 45,254 8 0.007 8 72 857(102/140)
OG+LT 1024 0. 007 8 76.429(107/140)
LG+OT 0.5 0. 044 2 72 143(101/140)
LG+LT 1024 0.0020 72 857(102/140)
OT+LT 362038 7 0.002 0 84 286(118/140)
OG+LG+OT 2.8284 0,176 8 70.714(99/140)
OG+LG+LT 724077 3 0. 003 9 76, 429(107/140)
OG+OT+LT 724077 3 0. 002 0 77. 857(109/140)
LG+OT+LT 724 077 3 0. 002 8 81 429(114/140)
OG+LG+OTH+LT 724 077 3 0. 002 0 76, 429(107/140)
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