o W & # R
ELECTRONIC MEASUREMENT TECHNOLOGY

20214 4 A

DOI:10. 19651 /j. cnki. emt. 2105933

ETHARIEZ RENNESZBAXKRRER

O 244K a on &
(1.7 Tk k% 47 100124; 2. b F Z8B R AT 6 100072)

W OE. XGOSR A AT B VRS SR A AR R A N R A GE R AR e R 9 BRI R AE L 12
th—A R A R B S AN EE A AL 0 B R R I IR Rk . B TERLG FHOG A CN W5 A B MR AE S il |, 5
A —ROREE B 3 R SR AR TR AR AL Y [) R AN HE— 2B PR Ak TR R R SR O I A FE A TN ML L R R AT
PgE. i OTB100 B4 M4 R A0 . BT R B B st F KCF 5 vk b o BE ARG 2 S 4y B4R F+ 4. 9% A 17 %, F
P ERER TRy 45 Wi/s, 7R R EDAALRE MGG R T RERMLS A B K R E iR,

SRR DARERER AR AT NEE AN T 5 FE AR I B

hESES: TP391 MERARIREG: A ERipEER S ENRE: 520. 4030

Multi-scale anti-occlusion kernel correlation filtering
algorithm based on fusion features
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Abstract; The traditional correlation filtering algorithm is improved to improve the tracking performance of the
algorithm in complex scenes such as scale change and occlusion deflormation. A robust tracking algorithm combining
scale adaptation and re detection mechanism is proposed. Based on the fusion of FHOG and CN complementary
features, a scale adaptive strategy is introduced to solve the problem of scale change. In addition, the model updating
strategy is further optimized and the re detection mechanism is added to enhance the robustness of the algorithm. The
OTB100 dataset test results show that the accuracy and success rate of the proposed algorithm are improved by 4. 9%
and 17%, respectively, compared with KCF algorithm. The average tracking speed is 45 [rames/s, and the

performance is excellent in occlusion, scale change and illumination change scenes, which can effectively achieve long-

$44 % 28

term target tracking,
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