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Improved dynamic time warping for similar metrics and
trajectory clustering

Cheng Qian
(School of Science, Nanjing University of Science and Technology, Nanjing 210094, China)

Li Jianliang

Abstract: For the traditional trajectory similarity calculation method, the measurement effect is not good, and the
similarity measurement is difficult to achieve good results when the time series data is excessively distorted. Based on
the accuracy and real-time requirements of many practical applications, this article is based on the dynamic time
warping, combined with the idea of trajectory translation and the idea of global variable constraints, and gives an
improved dynamic timc warping algorithm through algorithm optimization and paramcter analysis. Numecrical
cxperiment results show that the improved algorithm has a rccognition rate of 90% in the mcasurcment ol trajectory
similarity, which is an incrcasc ol 41.25% comparcd with the classic algorithm, and the mcasurement accuracy is
significantly improved. Furthcrmorc, as a trajectory similarity mcasurcment [unction combined with spectrum
clustering algorithm, it is applied to trajectory data clustering analysis. Expcrimental results of simulated trajectory
data shows that clustering analysis bascd on the improved algorithm can clearly distinguish trajectory clusters and the
clustering cllcct is idcal.
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